The Limits of Color-Blind Affirmative
Action Policies




Affirmative Action without Explicit Racial
Discrimination

e Color-blind (non-racially discriminatory) affirmative action
exploits statistical associations in the population between an
applicant’s racial identity and his/her non-racial traits

[Texas 10% Plan famously illustrates the non-transparency]

* A policymaker alters the weight given to non-racial traits for
all applicants in such a way as to increase the yield in
selection process from a targeted group.

* One consequence of this kind of policy is that selection
efficiency must in general be reduced for all applicants. Policy
can’t be ‘conditionally’ (within group) meritocratic.



An lllustrative Example of Color-Blind Affirmative Action

k
Test Scores

H LF

CBAA
Extracurricular Activities

Students in area A are excluded, and in area B are included, by the policy. There
are more disadvantaged group students to be found in area B than in area A.



Use Data to Estimate (presumed) Linear Relationships

Academic Performance Equation:
pi = [Expected performance | x;| = B+ x; Z [’:j-_t:f
jed
Racial Identity Equation [prob {applicant in targeted group}]:
ri=PrlR; =2|x;] = v-x Z Vi
=
Finding an Optimal Policy: The Planner’s Problem

I'l]d‘-{{ ( ) E 47;37} subject to the following three constraints:

1 el =

(1) 4; € [0,1], i1, (i) —{Z A; } ¢, (11i) —{Z ‘hh} > r.
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Laissez-Faire Solution: Threshold Rule on Predicted Performance

7 | i f-x; >p
o 0 ifp-x <

Here p must be chosen in such a way that constraint (11) holds with equality.

Color-Sighted Affirmative Action Solution: Race-Specific Thresholds

Under the CS regime, there will be separate thresholds for the racial groups
So, for a pair of numbers p; and p,, with gy > o, we have:

o |1 p-x >,
AZN0 0B x < .
Here the p; and p, are to be chosen such that selection rates for the two groups

are consistent with the capacity and representation constraints holding as
equalities.



Color-Blind Affirmative Action: Modified weights in scoring equation

Under the CB regime, a Lagrangian multiplier on constraint (111) alters the
admissions policy relative to LF because nonracial traits are now to be valued
both for their association with prospective academic performance and for their
ability to predict an applicant’s race. Thus, the optimal CB policy 1s charac-
terized by two numbers (/ and p’ such that:

. | [+ 0y x>p'
o 0 [P+ Oy -x < p',

where 1" and ) are such that constraints (11) and (111) above hold as equalities.



activities and test scores). Under LF and CS regimes, the college’s marginal
rate of substitution between traits j and £ as reflected in the admissions policy
function, denoted by MRS;, is equal to the relative importance of these
traits in forecasting student performance:

whereas, under the CB regime, the rate of substitution between traits j and &
that holds constant the probability of being admitted 1s given by:

B; + Oy,
P+ Oy

MRS;; =



Table 3. Performance Equation: Predicted College Rank

College A College B College C College D

SAT math 4.04 (1.39) 0.60 (1.78) 5.08 (1.69) 757 (1.51)
SAT verbal 547 (1.31) 8.98 (1.62) 7.15 (1.68) 12.85 (1.30)
HS percentile 312 (1.11) 8.79 (1.42) 342 (1.84) 7.49 (1.79)
Mother college educated 2.58 (2.63) 8.40 (3.00) 45 (3.76) 3.61(2.15)
Father college educated 4.35 (2.99) 3.76 (3.60) E 07 (4.04) 5.48 (2.84)
Zip income 0.04 (0.64) 1.44 (0.80) D 47 (0.72) 0.74 (0.44)
Legacy 4.66 (4.55) 0.59 (4.05) 65 (3.64) 0.47 (1.96)
Percent Asian in zip 14.07 (16.83)  16.78 (16.82) 5 28 (19.45)  33.05(13.58)
Percent Black in zip 11.72 (5.78) 29.10 (10.99) 14.26 (7.59) 15.91 (5.31)
Percent Hispanic in zip 1576 (11.21)  —22.15 (11.51) 0.42 (11.40) 3.24 (9.10)
Male 4.77 (2.06) n'a n/a 7.92 (1.66)
R? 0.16 0.21 0.19 0.37
Number of observation 761 429 512 494

Callege rank is percentiles in distribution of cumulative GPA amang students who matnculated at that callege in 1989, HS percertile is stugen
dummies for students’ mather and father baing college educated. Zp incame is the median incame of the student's zip code fram the 1990 Ce
percentile 10 percentiles, ZIP income $10000. We used dummies far the missing data. (Coefficients for the

se variables are not reported ir



Table 4. Race Equation: Probability of Being Black

College A College B College C College D

SAT math 0.06 (0.01) 06 (0.01) 0.07 (0.01) 0.10 (0.02)
SAT verbal 0.02 (0.01) DDS{D 01) 0.06 (0.01) 0.04 (0.01)
HS percentile 0.04 (0.01) 0.01 (0.01) 0.07 (0.01) 0.05 (0.01)
Mother college educated 0.02 (0.02) D 01 (0.02) 0.03 (0.03) 0.01 (0.02)
Father college educated 0.11 (0.02) 04 (0.02) 0.08 (0.03) 0.02 (0.03)
Zip income 0.01(0) D 01 (0.01) 0 (0.01) 0.01 (0.01)
Legacy 0.01 (0.03) D 02 (0.03) 0.01 (0.03) 0.09 (0.03)
Percent Asian in zip 0.25(0.12) 06 (0.11) 0.10 (0.15) 0.14 {0.20)
Percent Black in zip 0.57 (0.04) D 57 (0.07) 0.85 (0.06) 0.57 (0.06)
Percent Hispanic in zip 0.02 (0.08) 0.02 (0.08) 0.08 (0.09) 0.13 (0.12)
Male 0.01 (0.02) n/a n/a 0.01 (0.02)
R? 0.41 0.22 0.55 0.37

Number of observations 761 429 512 494

Dependent variable is stugent’s prabability of being black. HS percentile is stugents’ percentile in his high schaol Mather's ana father's ed
educated. Zip income is the average income of the student's zip code from the 1990 Census; n/a, nat available. Increments: SAT variables 100
durmmies for the missing data. (Coefficients for these variables are not repartea in this table.)



Table 7. Weight on Students Characterislics in the Admission Formula for Laissez-Faire and Color-Blind Policies,

HS Mother Father Percer
SATmalh  SATverbal percent  educaled  educaled  Income black

F CB LF CB LF CB UF CB LF CB LF CB LF

College A 404 016 547 416 312 053 258 387 435 -276 -004 (061 -11.72
College B -060 -488 898 684 879 950 840 911 -376 -661 -144 073 -29.10
ColegeC 508 168 715 424 842 502 -345 -199 607 218 -047 047 -14.26
College D 757 -374 1285 633 749 183 361 474 548 32 -074 03 -1591

—_— M™% —_— M "%



Table 5. Relative Performances of Color-Blind and Color-Sighted Policies, by Race
Constraint

College Ccollege College College College College College
A B C D E F G Average

Random H6.29 8722 8043 8504 8OB/ HBoeZ2 B126 83ibZ
A0mIssions

Laissez-faire 9696 9850 9700 9390 9501 9845 9665 96.88
without SAT

Laissez-faire  99.77 98.02 9789 09958 09956 09867 9724 9857
without HS
DEFEEﬁli|E

Color sighted 9797 9955 9764 9743 09866 09859 09977 98.68

Color blind 94 28 O8bB7 9533 9082 9640 95985 9B8/4  96.16

Predicted college rank of a stugent is estimated by the OLS regression. Far each palicy, we compute the average
predicted college rank of the agmittea class. We call this value the pedormance of the palicy. To compute the relative
perfarmance, we index laissez-faire’s performance as 100. For example, colorsighted relative performance
(color-sighted perfarmance = 100){(laissez{aire performance). Average is the population-weighted average.
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